%10 41 | R Vol.43  No.10
2015 4E 10 H ACTA ELECTRONICA SINICA Oct. 2015
— =4 =2 N NYAN 23
T Eoom) ) 2= J A ER IR A oY
B2 E 5, X SR
RN I 20 5 5 B DR e, IR N, WiTT 325035)
W OE: ZRor TR aERAR R EAEE R R ER R A B ORI, BTN 2 R i

JrikC AN RGE A I — PSS Praulj £ 1 1) BT BT ) AR D — 3R 25 Jr iR 45 F 15 B O ik, B &
TE W28 3T 75 86 RS T AR Z BB AE R AR SCLE R B R FERE F et T M0 G (i 22 B R BTk il ad Rk
T LA S K24 0 4 P AR A 28 A i DN e RS ) A8 A B DA % 2 AGEMAP K08l 3 v 12 4>/ BV AR DY Rk B 19
BERFRM] R RIHRAR I L 3 W A S BN GO & H .

XKW  KEoomm; ZRMNY%; DNREE
FESES: XHERFRIRED: A XEHS:  0372-2112 (2015)10-2009-05

BT URL: http://www. ejournal . org. cn DOI: 10.3969/j.1issn.0372-2112.2015.10.019

Mining Differential Co-expression Clusters Based on Graphlet Orbits

XIAO Bi-yu, LI Xiang-bin, LIU Wen-bin
( Department of Physics and Electronic information engineering , Wenzhou University , Wenzhou , Zhejiang 325035, China )

Abstract:

eases. Recently, differential analysis based on graph has been a hot area in system biology . Since Przulj proposed the conception of

Differential analysis is a major method to understand the process of biological evolution and the progress of dis-

graphlet and graphlet orbits, both of them have been used in various network analyses. In this paper, we proposed two measures
based on graphlet orbits, and we used them to mine within module differential co-expresssion clusters and module to module differ-

ential co-expression clusters. Applications on the data of mice for 16 months and 24 months have shown that most of the clusters are

significant enrichment in some GO terms related with aging.
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